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Simple Summary: The degree of conformation and the degree of fatness are the primary parameters
taken by the European beef carcass classification system (the SEUROP system) for assessing carcass
quality and pricing. Evaluations have conventionally been performed by graders suitably trained
using photographic standards but in recent years new techniques have been developed to enhance
grading accuracy and objectivity. This study reports a method that uses an image analysis to assess the
degree of fatness of beef carcasses. The results obtained show that the accuracy significantly improves
by using this image analysis method compared with the conventional method that assigns scores
based on photographic standards. It would therefore be appropriate to implement this technique on
slaughter lines to improve the beef carcass classification system.

Abstract: The amount and distribution of subcutaneous fat is an important factor affecting beef
carcass quality. The degree of fatness is determined by visual assessments scored on a scale of five
fatness levels (the SEUROP system). New technologies such as the image analysis method have been
developed and applied in an effort to enhance the accuracy and objectivity of this classification system.
In this study, 50 young bulls were slaughtered (570 ± 52.5 kg) and after slaughter the carcasses were
weighed (360 ± 33.1 kg) and a SEUROP system fatness score assigned. A digital picture of the outer
surface of the left side of the carcass was taken and the area of fat cover (fat area) was measured using
an image analysis system. Commercial cutting of the carcasses was performed 24 h post-mortem.
The fat trimmed away on cutting (cutting fat) was weighed. A regression analysis was carried out for
the carcass cutting fat (y-axis) on the carcass fat area (x-axis) to establish the accuracy of the image
analysis system. A greater accuracy was obtained by the image analysis (R2 = 0.72; p < 0.001) than
from the visual fatness scores (R2 = 0.66; p < 0.001). These results show the image analysis to be more
accurate than the visual assessment system for predicting beef carcass fatness.

Keywords: carcass fatness; image analysis; prediction; young bulls

1. Introduction

The EU’s Beef Carcass Classification System (SEUROP) [1] is chiefly based on two
parameters: conformation and the degree of carcass fat cover. These two parameters, plus
weight, are used to determine the beef carcass quality and price.

Carcass conformation and fatness are evaluated using photographic standards depict-
ing the different conformation (SEUROP scale) and fatness (scale from 1 to 5) grades. The
grades are assigned by duly accredited slaughterhouse staff trained by official agencies
and who have passed the corresponding grading test. However, this method has occasion-
ally been faulted as being subject to a certain degree of subjectivity that could result in
differences in grading by slaughterhouses and even within each individual slaughterhouse
depending on the grader on duty [2].
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For this reason, more objective tools for classifying beef carcasses have been devel-
oped in recent years [3–5]. These include instrumental methods such as ultrasound [6–9],
computed tomography [10,11], dual energy X-ray absorptiometry (DEXA) [12,13], a bio-
electrical impedance analysis (BIA) [14], near-infrared spectroscopy [15,16], microwave
systems [17] and, above all, an image analysis [18–20]. Artificial intelligence-based tech-
niques for modelling carcass classification parameters by official graders have even been
developed [21].

These instrumental methods achieve highly accurate measurements for one of the
two main classification measures used to grade carcass quality in the EU’s classification
system, namely, beef carcass conformation and have even shown to be capable of predicting
commercial carcass meat yields [19–22]. However, the results for predicting carcass fatness
levels do not reach the same satisfactory results because fat distribution is highly variable
and not so easy to measure [19,20,23,24].

This article therefore presents an attempt to develop an image analysis application
for obtaining accurate, objective measurements of the degree of carcass fatness capable of
enhancing the official method based on the visual classification of beef carcasses currently
in use.

2. Materials and Methods
2.1. Animals and Feeding

A total of 50 young bulls of the local Pirenaica (n = 25) and Asturiana (n = 25) breeds
from northern Spain were weaned at a live weight of 271 ± 28.4 kg and 181 ± 30.2 days of
age. During the feeding stage, at the CITA research center (Zaragoza, Spain), the animals
were given ad libitum access to a commercial concentrate and barley straw. An initial
concentrate (12.9 MJ metabolizable energy (ME) and 160 g crude protein (CP) per kg dry
matter (DM)) was used up to a weight of 320 kg. Thereafter, a finishing concentrate (13.0 MJ
ME and 150 g CP per kg DM) was used. The young bulls were slaughtered at 570 ± 52.5 kg
live weight and 409.7 ± 27.04 days of age. Procedures involving animal care and use were
conducted following the European guidelines [25].

2.2. Slaughter and Fatness Measurement

The slaughter of the animals was conducted at the General Refrigerated Slaughterhouse
in Zaragoza according to EU regulations [26]. The hot carcass weight (HCW) was recorded
after slaughter. Thereafter, the carcasses were chilled for 24 h at 4 ◦C and were classified using
the SEUROP five-class fat cover notation system (from 15 for 5+, very high fat cover, to 1 for
1−, very low fat cover) [1]. The evaluations were carried out by two official graders.

2.3. Acquisition of VIA Images

A picture of each left half-carcass was taken (Figure 1) using a digital camera (Olympus
E-300 SLR) with an 8 megapixel sensor (3264 × 2448) and an Olympus Zuiko 28 mm
f/2.8 lens. The camera settings were: manual operation mode, aperture F/5.6, shutter 1/60,
ISO 400, flash off. The camera was mounted perpendicularly to the carcass at a height of
1.75 m on a tripod placed 3 m from the carcass. The illumination intensity in the cold room
where the photographs were taken was 500 lux.

2.4. Image Processing

The images acquired were processed using the ImageJ image analysis software (Na-
tional Institutes of Health, USA). To that end, the images were binarized (8 bit format) and
the contours of the area of the carcass were outlined. The carcass mean gray level was
then calculated based on the gray scale, which assigns a value between 0 (pure black) and
255 (pure white) to each image pixel (gray level). The optimum gray level threshold value
capable of accurately discriminating the whiter parts of the carcass (fat cover) from the
darker parts (no fat cover) was then determined. The optimum threshold values for the
individual beef carcasses ranged from 100 to 112 depending on the fat color and muscle
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color, which vary from one animal to another. It was decided to use a single threshold
value for all the images in the interest of achieving a greater level of standardization for the
method and, hence, the mean value of 106 was selected. Accordingly, the area obtained
by grouping together all the pixels with a gray level value greater than 106 was taken as
representing the carcass fat cover and given the parameter designation “carcass fat area”.
Figure 1 illustrates the different steps in the method.
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Figure 1. Image acquisition and processing for quantifying the carcass fat area.

2.5. Cutting Fat

The carcasses were dressed 24 h after slaughter using the method described by Panea et al. [27]
to obtain the different commercial cuts from the carcasses. During the process, the weights
of the different types of fat (basically kidney and pelvic fat, intermuscular fat and subcuta-
neous fat) not attached to the commercial cuts were recorded and the total was designated
“cutting fat”. This value was taken as an indicator of carcass fatness.

2.6. Statistical Analyses

An analysis of variance was used to examine the differences in the amount of cutting
fat, the mean gray level and the carcass fat area values based on the fatness score assigned
to the carcasses using the SEUROP system. Differences among the means were tested by
Tukey’s HSD test. Simple and multiple (stepwise) linear and non-linear regression analyses
were used to study the relationships among the four variables considered. The multiple
regressions also included the HCW. Available variables to the models were untransformed
variables; the same variables squared and base 10 and e logarithms were also tested. The
third level interactions between the variables were included as an option. The variables
were retained in the models when p < 0.05. The coefficients of determination of each model
obtained (R2) and the standard error of the model were estimated and presented.

A statistical analysis of the data was performed using SPSS statistical software, version
27.0 [28].

3. Results
3.1. Carcass Fat Measurements

The young bull carcasses considered in this experiment were divided into four groups
according to the fatness scores assigned using the SEUROP method (a scale of 1–5 with
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each score broken down into 3 sub-scores on a scale of 1 (low) to 15 (high)). The scores
recorded were 3 (n = 9), 4 (n = 6), 5 (n = 28) and 6 (n = 7) (Table 1).

Table 1. Carcass fat area (mean ± se) based on the fatness scores (1–15) assigned to the carcasses.

Score (SEUROP:
1–15(1–5))

3 (1+)
(n = 9)

4 (2−)
(n = 6)

5 (2)
(n = 28)

6 (2+)
(n = 7) p-Value

HCW (kg) 360 ± 12.2 358 ± 7.1 363 ± 6.8 347 ± 11.3 0.715
Cutting fat (%) 4.2 ± 0.3 a 6.4 ± 0.5 b 9.2 ± 0.4 c 12.8 ± 0.9 d 0.000

Mean gray level (0–255) 78 ± 1.6 a 84 ± 2.1 a 93 ± 2.1 b 99 ± 3.4 b 0.000
Carcass fat area (%) 25.0 ± 1.4 a 31.5 ± 2.4 a 41.7 ± 1.8 b 48.4 ± 2.8 b 0.000

Different letters (e.g., a, b, c) represent p ≤ 0.05; the same or no letters represent p > 0.05.

The gray level values processed from the digitized carcass images yielded mean values
between 78 and 99 (on a scale of 0–255) with values increasing in line with the fatness
scores (Table 1).

Finally, an image analysis quantification of the degree of fat cover of the carcasses
returned a mean value of 38.4 ± 1.6% (on a scale of 1–100) with values ranging from 19.2%
to 62.3%. On that basis, a fatness score of 2+, for instance, represented carcasses with a fat
cover over approximately half the surface area.

3.2. Predicting the Cutting Fat from the SEUROP Scores

Figure 2 plots the linear regression of the amount of carcass cutting fat (y-axis) on the
fatness score assigned to the carcass using the SEUROP classification system (x-axis). The
regression equation showed that the SEUROP fatness score explained 66.4% (R2 = 0.66) of
the variation recorded in the amount of carcass cutting fat (RMSE = 1.86%).
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Figure 2. Linear regression of the cutting fat on the SEUROP fatness score.

3.3. Predicting the Cutting Fat from the Mean Gray Level Value

Figure 3 plots the regression of the amount of carcass cutting fat (y-axis) on the mean
carcass gray level (x-axis). The regression equation showed that the mean gray level value
explained 61.0% (R2 = 0.61) of the variation recorded in the amount of carcass cutting fat
(RMSE = 2.01%).
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Figure 3. Regression of the cutting fat on the carcass gray level.

3.4. Predicting the Cutting Fat from the Carcass Fat Area

Figure 4 plots the regression of the amount of carcass cutting fat (y-axis) on the carcass
fat area (x-axis) obtained using image analysis. Carcass fat area explained 72.0% (R2 = 0.72)
of the variation recorded in the amount of carcass cutting fat (RMSE = 1.70%).
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3.5. Predicting the Cutting Fat from the Set of Variables

Figure 5 depicts the most salient results found on running the various multiple
regressions on the set of variables considered with the HCW (hot carcass weight) variable
included in the models.
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fat area and their third-order interactions; (b) stepwise model based on the gray level, carcass weight
and carcass fat area with their log transformations and fourth-order interactions; (c) stepwise model
based on the gray level, carcass weight and carcass fat area with their log and square transformation
and fourth-order interactions.
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These models were significantly better at predicting the carcass cutting fat, attaining
values of R2 > 0.79 and RMSE < 1.54%.

4. Discussion

The EU’s SEUROP beef carcass classification system is based on assigning visual
scores for carcass conformation and carcass fatness. It is widely used at slaughterhouses
across Europe; however, it is often faulted for a certain degree of subjectivity in scoring
by official graders and scores can vary from one slaughterhouse to another [2]. This has
substantial economic repercussions as grading scores have a major impact on beef carcass
prices. Albertí et al. [29] estimated that a difference of one point in a carcass’s conformation
score may result in a 6 to 10% difference in the carcass’s price per kg.

This being the case, a number of different techniques are in study in an effort to make
carcass grading more objective. The greatest advances in this area have possibly been
made for pork. Classification systems are officially approved by EU authorities and have
been implemented following the adoption by the European Commission of regulations
accepting and implementing new carcass classification technologies in 2017 [30]. Work in
the field on beef carcasses has been under way for several years. A number of different
methods are being tested and an image analysis is one of the more advanced technologies
of this kind [5,19] (Craigie et al., 2012; Allen, 2021).

One of the two assessment parameters for carcass quality in the EU’s SEUROP system,
conformation assessment, has been comprehensively studied using an image analysis,
obtaining very good results. The method has even been expanded to try to predict the
commercial meat yields of beef carcasses, achieving very high coefficients of determination
values greater than 0.80–0.90 [22].

However, less work has been performed to objectively assess the levels of carcass
fatness and the results have not been as satisfactory. Fat is spread widely over beef carcasses
and the distribution tends to be variable, which has been mentioned as one of the reasons
for the poor results obtained up to date [19,24].

The work reported here employed an image analysis, a method that is simple yet quite
objective, quantifiable and repeatable. It can provide accurate information on the degree of
carcass fatness, the second of the beef carcass classification parameters. The method, as
developed in this work, allows a shift from a discontinuous fatness scale of just five points
(or expanded into a 15-point scale) to a continuous percentage scale from 0 to 100, which is
much more comprehensive and therefore more accurate.

The results of the work reported here may have been conditioned by the type of animals
included in the study. All the carcasses harvested were assigned SEUROP classification fatness
scores between 3 and 6 (on a scale of 1–15) (Table 1). That is, the carcasses had little fat in spite
of coming from young bulls slaughtered at weights considered high for the usual endpoint in
the traditional beef production systems in Spain (570 ± 52.5 kg live weight). These fatness
results were consistent with the findings reported by Albertí et al. [29] and Soret et al. [31],
who described the Asturiana and Pirenaica cattle breeds as low-marbled breeds. A similar
percentage cutting fat values (Table 1) were obtained for carcasses from animals of these
two breeds used in the current study. This value is much less than for other faster-growing
Spanish breeds such as the Avileña, Morucha or Retinta breeds, which have cutting fat
values greater than 10% [29].

An image analysis provides a simple way of predicting carcass fatness by measuring
the mean carcass surface area color value by way of an initial approximation. Taking the
gray level value as a basis over a scale ranging from 0 (pure black) to 255 (pure white), a
high gray level value for a carcass as a whole is indicative of a high level of carcass fatness
whereas a low value is indicative of a very lean carcass. This can be seen in Figure 3, which
shows that the predictions of the amount of cutting fat based on the mean carcass gray
level attained values of R2 = 0.61 and RMSE = 2.01% (p < 0.001; Figure 3). Despite being
statistically significant, these values were smaller than those obtained for the predictions
of the amount of cutting fat as scored by official slaughterhouse graders based on visual
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assessments, which yielded values of R2 = 0.66 (RSME = 1.86%; p < 0.001; Figure 2). In
other words, this method of predicting carcass fatness based on the mean carcass gray level
value was not superior to the visual grading by official graders.

Carcass fat area, i.e., the difference in the gray level values for carcass fat and muscle,
is a second parameter or measure for predicting carcass fatness using an image analysis. In
this study, carcass scoring according to the SEUROP scale yielded values between 3 and
6 compared with carcass fat area scores ranging from 25.0% to 48.4% on the scale for this
second image analysis parameter (Table 1). That is, the image analysis scale was much
broader and more accurate than the scale used in the SEUROP classification system.

The accuracy achieved in predicting the carcass fatness, measured in this study as
the cutting fat, was greater for the image analysis method employed than for the official
SEUROP classification system (R2 = 0.72 vs. 0.66 and RMSE = 1.70% vs. 1.86%, respectively;
Figures 2 and 4).

Accordingly, the image analysis results were better than the results obtained based on
the fatness score from the visual grading and yielded a more objective assessment of the
degree of carcass fatness. However, the sample size used in this study was limited and it
would be appropriate to increase it in future studies.

Finally, a multiple regression model that included all the variables considered in this
study yielded highly accurate predictions of beef carcass fatness, attaining values of R2 > 0.79
and RMSE < 1.54%, showing that an image analysis is a method capable of providing
quantifiable and objective predictions of beef carcass fatness.

5. Conclusions

The findings of this study suggest that measuring carcass fat area using an image
analysis can be regarded as a suitable indicator of carcass fatness in young bulls of Spanish
meat breeds. Furthermore, including this assessment method in the framework of the
EU’s SEUROP classification system could be worthwhile because it provides an objective
measure of carcass fatness. Nevertheless, before applying an image analysis to other breeds
or production systems, the method should be tested on the carcasses of fatter animals
spanning the broadest possible range of fatness scores and, if it is feasible, spanning the
entire interval from 1 to 5.
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